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Review on the risk prediction model for chronic disease abroad

WANG Fuzhi, LUO Aijing, FU Lianguo. CHEN Xingzhi, PAN Wei
(Department of Health Management, Bengbu Medical College,Bengbu 233000, China)

Abstract: Objective Chronic disease risk prediction is an important issue in the fields of public health as well
as health information technology. Present article reviews the current research situation of chronic disease risk pre-
diction. Three database (PubMed\EBSCO\EMBASE) was retrieved for the literature collection of chronic disease
risk prediction. The chronic disease risk prediction related technology,method,and content in three aspects includ-
ed: chronic disease risk factors, risk prediction model, and quality assessment of prediction model was discussed.
The occurrence and development of chronic diseases are closely related with biological genetic, living habits, and
social psychological factors. Risk prediction model was based on two methods, the statistical model and the artificial
intelligence model. The quality assessment of chronic disease risk prediction model commonly used global model fit-
ness. calibration.receiver operating characteristic (ROC) , net reclassification improvement (NRI),and integrated
discrimination improvement (IDD).In future research,the public health big data should play more important role,
and multi-factors combined risk prediction model should be best method for risk discrimination. The idea of evi-
dence-based medicine and ethical issues should give full consideration in chronic risk prediction.
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